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1 | INTRODUCTION

In standard deductive logic, a proposition « is a logical consequence of a set of propositions I'
(in symbols, I'F a) just in case a holds (or is true) in every possible state (situation, world) in
which all the propositions in I hold. In other words, we have the following semantic characteri-
sation of logical consequence:

Tk aiff [[7] C o],

where [Jaf] and [I]] are the sets of all possible states in which, respectively, @ and the set of all
propositions in I hold. If ' C A, then, of course, [A]] C [I7. It follows, that standard deductive
logic is monotonic, that is:

ifT’Faand CCA, then Al a. ( Monotonicity)

Notions of plausible inference or default reasoning do not in general satisfy monotonicity.
From the information that x is a Quaker, we may plausibly infer that x is a pacifist. However,
from the information that x is a Quaker and a Republican, it is not a plausible inference to con-
clude that x is a pacifist. Of course, the phenomenon of nonmonotonicity is familiar also from
probabilistic contexts: from « being highly probable given #, we may not conclude in general
that a is highly probable given fAy.

A common idea in the literature on nonmonotonic reasoning is the following: « is a
nonmonotonic consequence of I' (in symbols, I' ;v @) just in case a holds in all those I'-states
that are maximally plausible (from the viewpoint of some agent). Or more abstractly, I'  a
obtains if a holds in all the best preferred I'-states, namely in those I'-states to which no other
I'-state is strictly preferred (or better).

Formally we represent this idea by introducing a selection function S which, given a set X of
possible states, picks out the set S(X) of all the “best” elements in X. The relation |~ of
nonmonotonic consequence (or plausible inference) is then defined in terms of S in the
following way:

I~ a iff S(IO]) € [a].

This definition will in general lead to |~ being nonmonotonic, since there is no guarantee that
S(IT]) < [le]] will imply that S([CUA]) C [la] (see Figure 1). Clearly, one of the best preferred
['UA-states may fail to be a best preferred member of the more inclusive class of I'-states.
Therefore, it need not be the case that S([CUA])CS([I]). Neither does it follow
that S([TUA[) C [].

Different choices of underlying language, different conceptions of possible states, and dif-
ferent formal requirements on the selection function will give rise to different nonmonotonic
logics. In this paper we shall explore some of the possibilities that ensue. In particular, we
are going to study correspondences between various conditions on the selection function
S—many of which are well-known from the literature on preference and choice—and condi-
tions on the inference relation v. In this connection it is often more natural to look at
nonmonotonic inference as a Tarski-style inference operation C on sets of propositions
rather than as an inference relation |~. The two notions are simply related by the equa-
tion: C(I')={a:T |~ a}.

The essential idea behind our semantic modelling of nonmonotonic inference goes back to
McCarthy’s classical paper (McCarthy, 1980) on circumscription. McCarthy presents circum-
scription as a formalised rule of nonmonotonic inference (he calls it a rule of conjecture)
which is used in conjunction with the rules of standard logic. There are many versions of
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FIGURE 1 Selection functions lead to nonmonotonic consequences

circumscription, but the essential model-theoretic idea is the same: among all the models of a
formula a, some are singled out as being minimal. Minimality here can mean various things, for
instance: (1) Domain Circumscription: the minimal models of a are those that have no proper
submodels that are also models of a, (i) Predicate Circumscription: the extensions of some des-
ignated predicates are minimised, while the domain together with the extensions of all other
predicates are kept fixed, (ii1) Parameterised Predicate Circumscription: this case is like (ii),
except that the extensions of some predicates (the parameters) are allowed to vary freely, and
(iv) Prioritised Circumscription: there is a priority ordering of the predicates to be minimised:
minimising a predicate with higher priority is always preferred to minimizing a predicate with
lower priority.

Given some notion of a minimal model, one can define a corresponding notion of minimal
entailment: a minimally entails 4 iff all minimal a-models are f-models.! In order to single out
the minimal models of a, and thereby the sentences that are minimally entailed by a, a new sen-
tence, called the circumscription of a, is associated with a. This new sentence has as its models
just the minimal models of a. Thus, @ minimally entails § just in case £ is a logical consequence
of the circumscription of a. It should be noted, however, that the circumscription of « is in gen-
eral a sentence of second-order logic.

To make all this a little more concrete, let us look at a special case: predicate circumscrip-
tion (McCarthy, 1980). Let a(P) be a sentence involving the predicate P (for simplicity, we let
P be unary). The (Predicate) Circumscription of a with P is the second-order sentence
Circum(a, P) defined as:*

a(P)AVQ(Q <P — =a(Q)),

where Q<P is an abbreviation for the sentence Vx(Q(x) — P(x)) A Ix(P(x) A=Q(x)). Next,
we introduce a strict partial ordering C p on models of the language under consideration:
MrCp N iff M and N have the same domain, all predicate symbols in the language besides

'Cf. McCarthy (1980).

2In McCarthy (1980), the circumscription of a sentence is a first-order schema instead of a second-order sentence (cf. the difference
between the induction schema of first-order Peano arithmetic and the induction axiom of second-order Peano arithmetic). In later work
by John McCarthy and Vladimir Lifschitz (cf. Lifschitz, 1985, 1987; McCarthy, 1986), the circumscription of a sentence is defined as a
single second-order sentence. In general, a first-order schema is weaker than the corresponding second-order sentence and is not strong
enough to characterise the minimal models (example: the existence of non-standard models of first-order Peano arithmetic). In certain
cases, though, the second-order formulation may be equivalent to a first-order sentence or a set of first-order sentences.
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P have the same extension in M and N but the extension of P in M is a proper subset of its
extension in N. We say that a model M is a P-minimal model of a, if M Ea (M is a model of a)
and there is no model N such that NC pM and N Ea. Now, the models of Circum(a, P) are
exactly the P-minimal models of a. Following McCarthy (1980), we say that a minimally entails
B with respect to P (in symbols, a ) pf) if all P-minimal models of @ are models of j.
Thus, a |~ » f holds just in case § is a logical consequence of Circum(a, P). Since a P-minimal
model of aAf may not be a P-minimal model of @, minimal entailment with respect to P is
nonmonotonic.

Example 1. Let a be the conjunction of the sentences:”

(1) bird(tweety);

(2) Vx(bird(x) A —ab(x) — canfly(x));

(3) Vx(penguin(x) — bird(x));

(4) Vx(penguin(x) — ab;(x));

(5) Vx(penguin(x) A —ab,(x) — —canfly(x)).

saying that (1) Tweety is a bird, (2) birds that are not abnormal; can fly, (3) all penguins are
birds, (4) penguins are abnormal;, and (5) all penguins, except those that are abnormal, cannot
fly. Applying predicate circumscription to the abnormality predicates ab; and ab, (that is,
minimising the extension of these two predicates while keeping the extensions of the other predi-
cates fixed) we infer from a that Tweety can fly. We cannot make this inference from
a A penguin(tweety). Since Tweety is a penguin, she is abnormal;. Hence, (2) cannot be used to
infer that she can fly. On the other hand, it follows by minimality that Tweety is not abnormal,.
Therefore, it follows by (5) that she cannot fly.

Example 2. Prioritised Circumscription. Let § be the conjunction of

(1) bird(tweety);

(2) Vx(bird(x) A —ab(x) — canfly(x));

(3) Vx(penguin(x)— bird(x));

(5) Vx(penguin(x) A —aby(x) — —canfly(x)).

That is, g is like a, except for not containing the so-called cancellation of inheritance axiom (4).
Using ordinary predicate circumscription, we can only infer from f A penguin(tweety) that one
of the following cases obtains:

(i) Tweety is an abnormal; bird that cannot fly;
(i1) Tweety is an abnormal, penguin that can fly.

Nothing follows concerning Tweety’s ability to fly. Intuitively, however, it seems reasonable
to conjecture from S Apenguin(tweety) that Tweety cannot fly. The cases (i) and (ii) are not
symmetrical: the information that Tweety is a penguin is more specific than the information that
she is a bird. It seems reasonable to give higher priority to minimising abnormality with respect
to the more specific predicate. In the choice between minimising abnormality; and
abnormality,, we choose the latter. Hence, we conclude that Tweety is not abnormal,. Then, it
follows by (5) that she cannot fly.

Shoham (1987, 1988) generalised the concept of circumscription, or minimal entail-
ment, to a more abstract notion: preferential entailment. Shoham’s idea was to start from

3This is a shortened version of an example in McCarthy (1986).
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any ordinary model-theoretic semantics for a formal language £ and add a new primitive notion
to it: a strict partial ordering C of all the models of L. Intuitively, M C N means that the model
M is preferred over the model N. Then, M is defined to be a preferred model of a iff 1) M Ea,
and (i1) there is no model N such that N Ea and N C M. Finally, « is said to preferentially entail
B (in symbols, @ p~_ f) just in case every preferred model of a is a model of j.

Shoham (1988) emphasises three ways in which his own approach generalises that of
McCarthy’s: (i) Preferential entailment can be defined relative to any logic having a model-
theoretic semantics, not just to standard first-order logic—starting, for instance, with a modal
logic and a preference relation over its Kripke-models, one can define the corresponding
nonmonotonic modal logic; (ii) a notion of preferential entailment can be defined in terms of
any partial ordering of models—that is, one is not limited to those orderings that correspond to
circumscription axioms; and (iii) there is a shift of emphasis from syntax—circumscription
axioms—to semantics—partial orderings of models.

In the work of Kraus et al. (1990), Shoham’s approach is generalised further: a new primi-
tive is introduced into the semantics—the notion of a state. Each state is labelled by a set of
models of the underlying nonmonotonic logic and the states, not the models, are ordered by a
binary relation C. In general, it is not assumed that C satisfies any of the usual properties like
irreflexivity or transitivity. A formula « holds in a state u (u is an a-state) iff a is true at every
model that is labelled by the state. A state u is a preferred a-state iff (i) u is an a-state and there
is no a-state v such that vCu. a preferentially entails f, in symbols, a ~ g, if all preferred
a-states are f-states. The main objective of Kraus et al. (1990) is to study nonmonotonic infer-
ence relations [~ both in terms of abstract proof-theoretic properties and semantically in terms
of preferential models. Several important classes of inference relations are characterised seman-
tically by means of representation theorems.

The study of abstract non-monotonic inference relations was initiated by Gabbay (1985)
who took |~ to be a relation between a finite set I' of premises and a single conclusion a.
Gabbay (1985) defined a nonmonotonic logic as a relation of the described sort satisfying the fol-
lowing conditions:

ifael, thenT | a; ( Reflexivity )
ifl’ v aandT, a v B, thenT |~ f; ( Finitary Cut)
ifI"'~aandT p B, then T, a v f. (Finitary Cautious Monotony)

He argued that these requirements should be satisfied by any reasonable inference relation.
As we have seen, Shoham (1987, 1988) and Kraus et al. (1990) define |~ as a relation taking
only single propositions as premises. In the presence of conjunction in the object language, this
is essentially equivalent to allowing finite sets of propositions as premises. A more general treat-
ment is proposed in Makinson (1989), where |~ is allowed to take infinite sets of premises. This
generalisation makes it possible for Makinson to redefine nonmonotonic consequence as a
Tarski-style operation C on arbitrary sets of sentences. Generalising Gabbay’s conditions to the
infinitary case and and expressing them in terms of C rather than |, Makinson (1989) obtains
the following conditions:

rccry (Inclusion)
'CACC(T) implies C(A) € C(I); (Infinitary Cut)
['CACC(I) implies C(I') € C(A). ( Cautious Monotony)

An operation on sets of sentences satisfying these conditions is called by Makinson a cumulative
inference operation. Makinson (1994) is a comprehensive survey—from an abstract logical point
of view—of systems of nonmonotonic logic: its focuses on properties of the inference relations
(or operations) that are associated with the various systems.
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In the present paper, we follow Makinson—and differ from Kraus et al.—in viewing non-
monotonic consequence as an operation C on arbitrary sets of sentences (or equivalently, as a
relation T ) a, where T is allowed to be infinite). In addition, we modify the preferential
semantics of Shoham and Kraus et al. by defining C, in the way previously described, in terms
of a selection function S on sets of states rather than in terms of a preference relation on states.
This treatment is more general, since a given selection function may not be definable in terms of
any preference relation.

Utilising various well-known results from preference theory on the rationalisability of a
selection function by an underlying preference ordering (cf., Moulin, 1985), we are able to prove
a series of representation theorems for nonmonotonic inference. The general strategy in proving
these results is the following: First, it is shown that any inference operation C that satisfies some
set X of conditions may be defined in terms of a selection function .S on sets of states satisfying
a corresponding set of conditions X*. Next, it is shown that if S satisfies the conditions X*, then
S is based on a preference relation P between states (read: xPy as state x is preferred over state y)
satisfying some suitable conditions like asymmetry, transitivity, etc. Finally, the two steps
are combined to yield a representation theorem for the inference operation C in terms of the
preference relation P. The connection between C and P is given by:

ae C(I)iff Vx[(x e [T AVy(y € [T — —~yPx)) — x € [af],

that is, a is a nonmonotonic consequence of I' iff every P-maximal member of [[I'] is also a
member of [[¢].

At the end of the paper, we shall also briefly consider dyadic inference operations C, where
Ca(T) is the set of all nonmonotonic consequences of the set of premisses I relative to the back-
ground assumptions A. Dyadic inference operations may be defined from dyadic selection func-
tions on sets of states:*

a€ Co(T) iff S(JA]L [C])C [ef.

The notion of a dyadic nonmonotonic inference operation is, of course, closely related to Gar-
denfors’ concept of theory revision. If K is the revision of a theory K with the proposition «,
then we have the following natural connection:

peKriff pe Cx({a}).
or more briefly:

K; =Ck({a}).
That is, the revision of K with « is identified with the theory consisting of all the nonmonotonic
consequences of a relative to the background theory K.> Conversely, a dyadic nonmonotonic

inference relation may be viewed as a generalisation of ordinary theory revision: Cx(I') may be
thought of as the result of revising A with the set T

“Binary selection functions were studied by Kanger (2001). However Kanger’s interpretation of S (V,X), where X, V are subsets of
some grand domain U, differs from the one employed here. Kanger took S(7, X) to be “the set of those alternatives of V"N X which,
compared with alternatives of V, are regarded as not being worse than any alternative of ¥'N X" (Kanger, 2001, p. 216). Here, on the
other hand, S(V, X) is interpreted as the set of all those alternatives of X" which are not farther removed from the set ¥ than any
alternatives in X. Thus, we think of the elements of V" as the “ideal” alternatives; and the elements of S(7, X) are the elements of X that
are as close to being ideal as possible.

This method of translating back and forth between theories of belief revision and nonmonotonic inference (with single propositions as
premises) was suggested by Makinson and Gérdenfors (1991).
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2 | DEDUCTIVE LOGICS

This section consists essentially of a review of selected, but well-known, material about conse-
quence relations and consequence operations, some of it going back to the work of Tarski in
the 1920s and 1930s. The concepts introduced here are basic to the development of
nonmonotonic logic in the rest of the paper.

We assume that a fixed object language £ is given. The details of £ are left open, except that
we assume L to contain the standard connectives: L (falsity), — (the material conditional), A
(conjunction) and V (disjunction). Hence, the set ® of sentences of L is closed under the rules:
(i) L €®, and (ii) if @, f € D, then (a— ), (aAp), (aVp) € D. ~a is taken as a metalinguistic
abbreviation of (¢ — L1).

If I is a set of sentences in £ and a is a sentence in £, then we write I' ¢ « just in case a is a
tautological consequence of T (that is, if a follows from T in classical propositional logic). We
also write Cng(')={a:T'koa}, that is, Cno(l") is the closure of T' under tautological
consequence.

By a consequence relation we shall understand a binary relation - which takes sets of sen-
tences (in £) as its first argument and single sentences (in £) as its second and which satisfies the
following conditions:

(F1) ifaeTl, thenTFa; ( Reflexivity)
(F2) ifT'+aand T CA, then AFa; ( Monotonicity)
(F3) ifTUAF S and foreacha € A, T'Ha, then TH S, (Cut)

Here, I' and A are any sets of sentences and «a, § are any sentences.
By a deductive logic L we shall understand a finitary consequence relation, that is, a conse-
quence relation + that satisfies:

(F4) if ', a, then for some finite ACT, Ay a. ( Finiteness)

We say that a deductive logic L is { A, V }-normal if it satisfies the standard natural deduction
rules for conjunction and disjunction, that is,

(A) T, a, pFranp,;

(AE) T, aAprra;and T, a AfFL f;

VD) TatFraVp;and ', pFraV p;

(VE) ifT,abpyand T, ptry, thenT,aV gL y.

By a classical logic we understand a deductive logic that satisfies the following two
conditions:

(F5) ifI'Hpa, thenT'Hy o (Supraclassicality)
(+6) if T, alr B, thenT'Fpa— p. ( Deduction Theorem)

That is, a classical logic is a deductive logic which extends the classical propositional calculus
and satisfies the deduction theorem. Every classical logic is, of course, { A, V }-normal.

A deductive logic L can equivalently be presented as a finitary consequence operation Cny,
that is, an operation that takes sets of sentences in £ into sets of sentences in £ and satisfies the
following conditions:

(Cnl) TCCnr(T); (Inclusion)
(Cn2) if T CA, then Cny(I') C Cnp(A); ( Monotonicity)
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(Cn3) Cnp(Cnp(T')) CCnr(I); (Iteration)

(Cnd) Cnp(T)C U{Cnr(A):ACT and A is finite }. (Finiteness)
In the presence of (Cnl) and (Cn2), (Cn3) is equivalent to the cut rule:

(Cn3) If ACCny(T), then Cny(TUA) C Cnp(T). (Cut)

Lemma 2.1. If Cn is a consequence operation, that is, satisfies (Cnl) — (Cn3), then
it also satisfies:

(i) TCCn(A) iff Cn(T) € Cn(A);

(i) Cn(TUA)=Cn(l'UCn(A))=Cn(Cn(I')UCn(A)).

This lemma, like several of the theorems and lemmas below, is proved in the Appendix.
Of course, L is a classical logic if, in addition to (Cnl) — (Cn4), it satisfies the following two

conditions:

(Cn5) Cny(T") C Cn (1), (Supraclassicality )
(Cn6) If pe Cny(C'U{a}), then a— pe Cny (). (Deduction Theorem)

The two presentations of a deductive logic L are related by the following conditions:
Cny(D)={a:Tkra};

and
IFpaiffae Cn(T).

If a€ Cnr(T), we say that a is an L-consequence of I'. We say that a is an L-theorem,
ifae CI’ZL(@)

Lemma 2.2. If L is a classical logic, then it satisfies the following conditions:

(+7) foralla, Lbpa; (Falsity)
(+8) if TFra—pfandT - a, thenT Fp f; (Modus Ponens)
+9) if I, a— Lty L, thenTHpa. (Reductio Ad Absurdum)

We omit the straightforward proof of Lemma 2.2.

Let L be a deductive logic. L is (absolutely) inconsistent if (-7 L and consistent, otherwise.
A set I" of sentences is said to be L-inconsistent if 't~y L. T is L-consistent if it is not L-inconsis-
tent. A sentence « is said to be L-consistent if {a} is L-consistent. I' is an L-
theory iff U= Cnp (). A set I' is L-maximal iff T is L-consistent and for every A, if T C A and A
is L-consistent, then I' = A.

In view of the next lemma, we may speak of L-maximal sets as L-maximal theories. Observe
the use of Iteration (i.e., Cut) in the proof of the lemma.

Lemma 2.3. Let L be a deductive logic. Then every L-maximal set is an L-theory.

The proof of the following lemma uses Inclusion, Cut, Monotonicity, Finiteness and the
Axiom of Choice in the form of Zorn’s Lemma.
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Lemma 2.4. (Lindenbaum’s Lemma) Let L be a deductive logic.
(a) Every L-consistent set is included in an L-maximal theory.
(b) If a¢Cnp(T'), then there exists an L-maximal theory m such that
Cnp (') Cm and a ¢ m.

If L is a deductive logic, then we write M, 7 ; for the set of all L-maximal theories and the

set of all L-theories, respectively. m, m', m”, ... are variables ranging over L-maximal
theories and G, H, K, T, T', ... range over L-theories. We also introduce the following
notation:

foranyI'C®, ||, ={me M :T Cm};
forae @, |a|, =|{a}|, ={me M, acm}.

In what follows, we shall often suppress the subscript L in contexts where the logic is assumed
to be fixed.

Lemma 2.5. Let L be a deductive logic. Then, Cny(I')=(\(|T'|,). That is, a is an
L-consequence of T iff a belongs to every L-maximal extension of T.

Proof. (=) Suppose that a € Cnr(T") and that m is an L-maximal set such that
['Cm. It follows by Monotonicity that a € Cny(m). Since m= Cng(m) (Lemma

2.1), aem.
(<) Suppose that a¢ Cnr(T'). By Lemma 2.4, there exists an L-maximal theory
m such that Cny (') Cm and a ¢ m. O

Lemma 2.6. Let L be a { N,V }-normal deductive logic. Then, every L-maximal set
m satisfies the conditions:

(1) anpem iff aemand fem;
(i) avpem iff acmor fem.

Lemma 2.7. Let L be a classical logic. Then,

(a) T isan L-theory iff
(i) Cnp(0)CT (ie., all L-theorems are inT");
(1) ifacTanda— T, then T (ie., U is closed under modus ponens).
(b) T is an L-maximal set iff it satisfies the conditions:
(i) Cnr (D) Iy
(i) L¢T;
(i) a—p¢liffacT and B¢T.

3 | NONMONOTONIC INFERENCE

We assume that a fixed consistent deductive logic L is given. We are next going to introduce the
notion of an inference relation based on the underlying deductive logic L. We shall assume that
all relations of nonmonotonic inference that we are going to study are inference relations in the
sense defined below. In addition, we introduce the notion of an inference operation which is just
a notational variant of that of an inference relation.
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Definition 3.1. (a) By an inference relation based on L we understand a relation
C (@) x @ satisfying the following conditions for all sets I' and A of sentences
and sentences a, :°

(1) ifaeT, thenT pv a; ( Reflexivity )
(2) fT o, forallac A, and Abp B, thenT |~ f; ( Closure)
(;3) ifforalla, Ty aiff Akpa, then T |~ Siff A | B. ( Congruence)

According to ()~ 1), an element of I' is a nonmonotonic consequence of I'. (|~ 2) says that if § is
an L-consequence of a set of nonmonotonic consequences of I, then £ is itself a nonmonotonic
consequence of I'. In other words, the set of nonmonotonic consequences of I" is closed under
L-consequence. According to (j 3), L-equivalent sets of sentences have the same nonmonotonic
consequences.

(b) An inference operation based on L is an operation C: go(®) — ¢(®) satisfying the
following conditions:

(Cl) TCC(I); (Inclusion)
(C2) Cnr(C(I))cCC(I) (Closure)
(C3) if Cnp ()= Cnr(A ) then C(T') = C(A). ( Congruence)

Of course, there is a one-to-one correspondence between inference relations based on L and
inference operations based on L. That is, we define the inference operation corresponding to

~ by:
CT)={a:T |~ a}.
Conversely, given C, we define |~ by:
'k aiffac C(T).
Lemma 3.2. If C is an inference operation based on L, then for all T:
C(Cny (")) = Cn (C(I)) = C(T").

Proof. Since, Cny(I')=Cnr(Cnr(T)), we have by (C3), C(I') =C(Cnr(T')). But,
C(')=Cnr(C(I")), by (Cnl) and (C2). O

Lemma 3.3. If C is an inference operation based on L, then C satisfies the condition:
Cn,(I)CC(I).

In other words,
ifTkra, thenT v a.

Proof. TCC(I'), by (Cl). Hence, Cn.(I')CCnr(C()), by (Cn2). But
Cnr(C(T"))=C(T). It follows that Cny (") C C(I').

®For any set 4, we let g(4) be the power set of 4.
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Lemma 3.4. Suppose that L is a classical logic. Then, |~ is an inference relation based
on L iff it satisfies the following conditions:

(1) ifa€l, thenT |~ a;

(o 3) if Cnp(T)=Cnp(A), thenT |~ a iff A b~ oy
(~4) if Cnp({a}) = Cnp({B}), thenT |~ aiff T b~ f;
(5 T anp thenT v aandT ~ B;

(b 6) T aandT ~ B, thenT |~ aAp;

(7)) T T.

It is easy to verify that conditions (j~ 4) and (f~ 5) may be replaced in Lemma 3.4 by the
single condition:’

(8 II'aandatby p,thenT K f. ( Right Weakening)

In the next definition, we introduce the notion of an L-maximal theory being
[-optimal with respect to an inference relation p~. The L-maximal theories may be thought of
as (descriptions of) those possible worlds that are allowed by the underlying logic L. We may
think of T' )~ a as expressing a (conditional) disposition on the part of an agent to expect a to
be true, if she were to be given I as her total new information. The set C(I') ={a:T" |~ a}, then,
consists of all the agents [-expectations.® A possible world is T-optimal if all the -expectations
of the agent are true in it. In other words, after having received the total information I, the
agent would not be surprised at all if any of the I'-optimal worlds turned out to be the
actual one.

Definition 3.5. Let L be a deductive logic and |~ an inference relation based on L.
Let T" be any set of sentences and m any L-maximal theory. We say that m is
[-optimal (with respect to ) if for all a, if ' v @, then a € m. In other words, m is
I-optimal iff C(I") Cm.

Lemma 3.6. Let L be a deductive logic and |~ an inference relation based on L. Then,
[ b a iff for every T-optimal m, a € m.

Proof. (=) This direction follows immediately from the definition of I'-optimality.
(<) Suppose that a¢ C(I'). By Lemma 3.2, C(I')=Cnr(C(I')). Hence,

a¢ Cnp(C(I)). Then, by Lemma 2.4, there exists an L-maximal theory m such that

Cnr(C(T")) Cm and a¢ m. Hence, C(T') Cm and a ¢ m. O

4 | SEMANTICS: MODELS USING SET-VALUED SELECTION
FUNCTIONS

In the following we let L be a deductive logic which we assume to be { A,V }-normal. The
notion of a model based on L will be introduced in two steps. First, we define the notion of
structure based on L. After having defined the requisite concepts, a model will be defined as a a
structure of a special kind.

Cf. Girdenfors and Makinson (1994).
8This way of talking about an agent’s expectations is inspired by Gérdenfors and Makinson (1994).
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Definition 4.1. A structure based on L is a 4-tuple M =(U, V1, S), where

(1) U is a non-empty set, the elements of which are called states (these might be
thought of as representing the possible belief states of an agent). We use the
lower case letters x, y, z, u as variables ranging over U. The letters X, Y, Z
will be variables ranging over g(U)

(i1) V is a non-empty family of subsets of U.

(ii1) [ (the labeling function) is a function that assigns to every state u € U a non-empty
set [(u) of L-maximal theories. We may think of the members of [(u) as rep-
resenting those possible worlds that are compatible with the agent’s beliefs in
state u (the agent’s doxastically possible worlds in state u).

(iv) S is a function from ¥ to V such that for every X € V, S(X) C X. Such a function
we call a selection function on V.

Let M=(U,V,,S) be a structure based on L. We say that a sentence a holds
(or is accepted) in the state u€ U (relative to M) and write M I, a iff for every m € [(u),
a€m. That is, M I, a obtains just in case [(«) C|a|;. Intuitively, a sentence « is accepted in a
state u just in case a is true in all possible worlds that are compatible with the agent’s beliefs in
the state u.

The set of all states in which a holds will be written [[a] ™ (or just [a]). Thus,

la] ={uc U: Mi+, a}.
For a set of sentences I', we write:
[T = N{llel: acl},

that is, [I']] is the set of all states in which all sentences in I" are accepted.
Given any set X of states in M, we may also define the set #(X) of sentences that are
accepted in all the states in X, that is,

t(X)={a: X C[d]}.

Notice, that the pair of mappings [...] and ¢ together form a Galois connection between
% (®) and g(U), that is, they satisfy:’

(i) ifTCA, then [A] C [T];
(i) f XCY,then#(Y)CtX);
(i) T Cr([T]);

(iv) X C[«(X)].

It follows from (i)—(iv) that these mappings also satisfy:

W) (0] = [« h:
(i) 1(X) =1([«(X)])-

For every set X C U, we define the closure of X, CI(X), as the set

) [e (X1 =N {llad) : X € [l }.

The notion of a Galois connection and its use in model theory is discussed, for example, in Cohn (1965).
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A set X of states in M is said to be closed if X = CI(X). The closure of X is the intersection of
all closed subsets of U that include X.'°

Lemma 4.2. Let M=(U,V,1,S) be a structure based on L. Then, the operator
Cl:9(U)— ¢(U), defined by the equation (= ) above, satisfies the following condi-
tions. Forall X,Y C U,

(Cl1) IfXC Y, then CI(X)C CI(Y);
(C12) X CCI(X):

(C13) CI(CI(X))=CI(X);

(Cl14) CI(0)=0.

We are now ready to define the notion of a model based on L.

Definition 4.3. Let M =(U, V,1,S) be a structure based on L. We say that M is a
model (based on L) if the family V satisfies the following conditions:

(i) forevery X C U, CI(X) eV,
(i) ifX,YeV, thenXUuY eV,
(iii) for any non-empty family F of members of V', (), . X € V.

That is, a model is a structure in which the domain ¥V of the selection function contains all
closed subsets of U and is closed under finite unions and arbitrary intersections.
For any model M ={U, V,1,S) based on L, we define two corresponding relations F ,, and
¢ between sets of sentences and single sentences:

I'E pma iff [ C o] ; and
'~ ya iff S([C]) C [af.

That is, I' F \sa obtains just in case « is accepted in all the I'-states (i.e., in all the states in which
all sentences in I" are accepted). And, I" v, a obtains just in case a is accepted in all the most
preferred I'-states.

Lemma 4.4. If M=(U,V,1,S) is a model based on L, then E r; is a consequence
relation which extends L, that is, such that:

Fr € Fum
and |~ ,, is an inference relation based on L.

Proof. The easy verification that k., is a consequence relation extending L is
omitted. We prove that |~ ,, is an inference relation based on L.

Reflexivity: Suppose a€T. Then clearly, [['] C [a]. However, S([I'])C [I7].
Hence, S([I']) € (] . Thatis, " pv  a.

Closure:  Suppose I, a for all a€A, and Abpp.  Then,
S(ICH € N{llell :a€ A}, that is, S([[)C[A]]l. Furthermore, since Al p,
[A] € [I8]. It follows that S([I']) C [|A], thatis, I" v, f.

1%In order to be fully explicit, we should write C/ (X) rather than C/(X) and speak of it as the L-closure of X. Similarly, we should say
that X is L-closed, if X = CI,(X). In most cases, however, the reference to L can be left implicit.
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Congruence: Suppose that for all a, I'; a iff Alp a. Then, |I'|; =|A|;. It follows
that also [[]=[A]. Hence, S([[])=S([A]). Finally, we have

that T p , Biff A ;v o f. O

We speak of F ¢ and v, as the consequence relation and the inference relation, respec-
tively, determined by M.

We say that a model M =(U, V[, S) is a world model if [(u) is a unit set for each u € U. In
a world model, the set of sentences accepted in a state is always L-maximal. Since L is assumed
to be { A, V }-normal, we have for any model M and all sentences a and f:

@) fanpl™ = [a]™ N B
(i) [a ™ U [B1™ € [av Bl
(iii) if M is a world model, [aV A]™ C o] ™ U [8];
(iv) if L is classical, o] ™ N [=a]™ = 0;
(v) if L is classical and M is a world model, [a] MU [~a]™ = U.

A model M =(U, V,1,S) is said to be full if V = go(U).

Theorem 4.5. Let L be a { A,V }-normal deductive logic and let |~ be an inference
relation based on L. Then, there exists a world model M ={U,V,(,S) (based on L)
such that:

Fo=Fumand v = by,
that is, Fp and |~ are, respectively, the consequence relation and inference relation deter-
mined by M.

Proof. We define a structure M =(U,V,[,S), which we shall call the canonical
model for k- and |, as follows:

(1) U=My, thatis, U is the set of all L-maximal theories;
(i) V={|I,:I is a set of sentences in L}. That is, V" consists of all closed subsets
of U;
(iii) foreachue U, l(u)={u}.
(iv) We define S as follows: For any set X € V, consider the theory t(X) determined by
X, namely:
(X)={a:Vme X,aem}=X.
Now, define:
SX)=|Ct(X))|,={me U:foralla,if t(X) |~ a, then a € m}.
That is, S(X) is the set of #(X)-optimal L-maximal theories.
Let XeV. Then, X=|«(X)|,. Since #X)CC(#(X)), we get
that |C(¢#(X))|, € |¢(X)|,. That is, S(X) C X. Thus, the canonical model for -, and
k- is a structure based on L. In this structure, we have [I']=|I'|,, for all T.
Hence, -1 = E .
We now claim that:

() T aiff S(IT) Clal.
Proof of (*): S(|T']) is the set of all ((|I'|)-optimal L-maximal sets. But

N (T]) = Cn(T), so S(|T]) is the set of all L-maximal sets that are Cny(T")-optimal.
However, m is Cng(I')-optimal iff m is I'-optimal (since C(Cn(I'))=C(I)).
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Hence, S(|I'|) is the set of all L-maximal theories that are I'-optimal. It follows by
lemma 3.6 that T" |~ « iff for all m € S(|T']), a € m. Q.E.D.
By definition, we have:

(#x) T aift S([I]) € e

From () and (* %) and the fact that [['] = |T'|,, we get thatT" ) aiff I' v  a.

It only remains to show that the canonical model M =(U,V,IS)
for F, and |~ is indeed a model, that is, satisfies conditions (i)—(iii) of
Definition 4.3:

Condition (i) is immediate from the definition of V.

Condition (ii): We first prove that the closure operation of the canonical model
satisfies:

(*) CI(XUY)=CI(X)UCI(Y).

First of all, XCXUY. Hence, #XUY)C#(X), and, therefore,
X)) Clt(XUY)]. That is, CI(X)CCI(XUY). In the same way, we get
CI(Y)CCI(XUY). Thus, CI(X)UCI(Y)C CI(XUY).

In order to prove the other direction, assume that me C/(XUY), that is,
me [t(XUY)[. Then, we have: (X UY)Cm. But, (XUY)=1¢(X)N#(Y). Hence,
((X)Nt(Y)Cm. Suppose now, that m¢ C/(X)UCI(Y). Then, m¢ CI(X) and
m¢ CI(Y). Hence, there must exist sentences a,  such that a € #(X), a¢gm; pct(Y)
and f¢m. Consider now the sentence aVpf. Since, a¢m and fé&m, it follows
by the {A,V}-normality of L that aVpfém. But, on the other hand,
aVpet(X)Nt(Y). By contradiction, we conclude that me CI(X)UCI(Y).
Thus, C/((XUY) C CI(X)UCI(Y).

Suppose now that X, Y € V. By the definition of V', X = CI(X) and Y = CI(Y).
Hence, XUY =CI(X)UCI(Y)=(by(x)) CI(XUY). But, by the definition of V,
CI(XUY)e V. Thus, XUY € V.

Condition (iii). Let F be a non-empty family of elements in V. By (Cl 2) of
Lemma 4.2, (F € CI/((F). On the other hand, (F C X, for each X € F. Hence, by
(Cl1), CI(NF)<C Cl(X)=X, for each X € F. Thus, CI((\F) C(F. We have shown
that (\F = CI((F). So by the definition of ¥, Fe V. O

Remark 4.6. Let |~ be an inference relation based on L. Let M = (U, V,1,S) be the
corresponding canonical model. Then, we have for alTC® and X € V-

(i) Cnr () =([I]);

(i) X # 0 iff #(X) is L-consistent;
(iii) C(I") =#(S([II])); and

(iv) S(X)=[C(X))I.

It follows that for all sets of sentences I" and all X € V,

(v) C((X))=1(S(X)); and
(vi) S([T]) = [CD)I,

that is, the two diagrams in Figure 2 commute.
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HX) ————— 5 C((X)) r » O(I)

2~

It \ 5(X) '] —— S([T])

FIGURE 2 Two commuting diagrams

By a canonical model for L we understand a model M ={U, V1, S) such that:

(1) U is the set of all maximal L-theories;
(i1) V is the set of all closed subsets of U, that is,

V={[t(X)]:XcU}={Cl(X): XCU};

(iii) foreachue U, l(u) ={u}.

It is easy to see that a canonical model for L is the canonical model for L and the inference

operation C, defined by: Ca(T') =#(S([I['])). That is, we also have: S(X) = [Cm (2(X))]-

The next lemma states that the set } of a canonical model has certain important closure
properties: V is closed under finite unions and arbitrary intersections and contains all singleton

sets. It follows that V contains all finite subsets of U.

Lemma 4.7. Let M ={U,V,\,S) be a canonical model for L. Then, for all X,Y € V,

andme U,

(i) Cl(XuY)=CIl(X)uCl(Y)"
(i) Cl({m})={mj}, that is, all singleton sets are closed;
(1) all finite subsets of U are members of V.

Proof. We have already proved

(1) in the course of proving Theorem 4.5. Observe that in the proof of (i), we used the
fact that L is closed under the standard natural deduction rules for V (see the

Appendix).

(i) Cl({m})=[t(m)]| = [m], since t(m)=m. But [m] ={ne U:mCn}={m}, since

U is the set of all L-maximal theories. Hence, CI({m}) = {m}.
(ii1) follows immediately from (i) and (ii).

O

We shall now consider some natural conditions that we might want to impose on the selec-
tion function in a model. Most of these are taken from the literature on choice functions and

"Together with (CI 1)~(Cl 4), this condition implies that the closure operation of a canonical model is a topological closure operation in

the sense of Kuratowski (see, for instance, Kelley (1955), p. 43).
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preference relations.'” Some, however, borrow their names from the corresponding conditions
on inference operations: for any X, Y € V,

(cp) If X 70, then S(X) # 0; ( Consistency Preservation)
@it) S(S(X))=S(X); (Iteration)
(c) if S(X)CYCX, then S(X)CS(Y); (Cut)
d SXUY)CS(X)uUS(Y); ( Distributivity )

(ch)y S(X)NYCS(XNY); ( Chernoff’)

(aiz) if S(X)C Y CX, then S(Y)CS(X); (Aizerman)
(pi) S(S(X)US(Y))=S(XUuY), ( Path Independence)
(g) Let( # F CV such that |y X € V.Then,

NxerS(X) € S(UyerX): (Gamma)
(8) if S(X)NS(Y)# 0, then S(XNY)CS(X)NS(Y); (Sen)
(ifla) if S(X)NY #D, then S(XNY)=SX)NY. (Arrow)

The condition (ch)—originally introduced by Chernoff (1954)—is identical to Sen’s (1971)
Property a."* The following formulation is easily seen to be equivalent to the one above:

(@If YCX,then S(X)NY CS(Y).

Intuitively, if x is a best choice in the set X, then x is still a best choice in any subset of X to
which x belongs.
The conditions Aizerman and Cut together say that:

if S(X)C Y CX, then S(X)=S(Y).

That is, deleting from a set only such members that are not among its best members does not
affect which members are best in the set.

The condition (g) is called Property y by Sen (1971). It says that if x is a best choice in every
set X in a family of sets, then x is also a best choice in their union. It has the following finitary
consequence:

S(X)NS(Y)CcS(XUY).
The condition Sen may also be formulated as:
if X C Y and S(X)NS(Y) #0, then S(X)C S(Y).

It is called Property p by Sen (1971).
Arrow’s condition (iia) of Independence of Irrelevant Alternatives can be rewritten as:

If YCX and S(X)NY # 0, then S(X)NY =S(Y).

That is, if Y is a subset of X that contains some of the best members of X, then the best
members of Y are precisely the best member of X that belong to Y.

The results of the next lemma are either well known (see Moulin (1985)) or obvious. Their
proofs are included in the Appendix for the sake of completeness and easy reference.

12Cf. for example Moulin (1985).
13See Moulin (1985) for additional references and details about the origin of some of the conditions.
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Lemma 4.8.
(1) (c) implies (it),
(1) (ch) implies (c);
(i) (ch) implies (d),;
(iv) (c), (aiz) and (d) together imply (pi). If the model is full, that is, if V =g (U), then
(pi) is equivalent to (ch) and (aiz);"*
(v) (¢p) and (iia) together imply (ch), (aiz) and (g);
(Vi) (iia) is equivalent to (ch) and (s).

Next we turn to conditions on the inference operation C:

(CP) if L ¢ Cn(T'), then L ¢ C(T'); ( Consistency Preservation)
Ity C(C(T))=C(T); (Iteration)
(C) fTCACC(), then C(A)C C(I); (Cut)
(D) C(I)NC(A)CC(Cn()NCn(A)); ( Distributivity)

(Ch) C(TUA)CCn(C(INUA); ( Chernoff’)

(Aiz) f TCACC(I), then C(I') C C(A); (Aizerman)
(PI) C(C(I)NC(A))=C(Cn(I')NCn(A)); ( Path Independence)
(G) C(NrerCn@)cCn(Ur.pC)), where F is any

non-empty family of sets of sentences; (Gamma)
(S) If C(')UCC(A) is L-consistent, then C(T')U C(A) C C(TUA); (Sen)
(ITA) if C(I')UA is L-consistent, then C(TUA) = Cn(C(T)UA). (Arrow)

Notice that Aizerman is the condition that Makinson (1989) calls Cautious Monotony. It is
also worth mentioning that Arrow implies the following generalisation of the so-called condi-
tion of Rational Monotony:">

If C(I") UA is L-consistent, then C(I') C C(IT'UA).

In the presence of (CP), this principle implies Sen, but is not implied by Sen. Rational
monotony is the special case of the principle for which A is a unit set.

Theorem 4.9. Let L be a { A,V }-normal deductive logic and M={U,V,1.S) a
canonical model based on L. Let C = C 4 be the inference operation that is determined
by M. If (x) is any of the conditions (cp)—(iia), then S satisfies (x) iff the inference
operation C satisfies the corresponding condition (X) among (CP)—(1IA).

In view of Lemma 4.8 and Theorem 4.9, we have the following result connecting the various
conditions on C.

Lemma 4.10.

(1) (C) implies (It),
(i1) (Ch) implies (C);
(ii1) (Ch) implies (D);
(iv) (C), (Aiz) and (D) together imply (PI);
(v) (CP) and (IIA) together imply (Ch), (Aiz) and (G);
(vi) (IIA) is equivalent to (Ch) and (S).

“David Makinson (personal communication) has proved that (pi) does not in general imply (ch).
15Cf. Makinson (1989) and Kraus et al. (1990).
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We conclude this section by discussing some consequences of the conditions above in the
context of L being classical. First of all, L being classical implies that a finite set of premises
may be treated as a conjunction, that is,

anp vy iff {a.p} b r.

Hence, the infinitary conditions (C) and (Aiz) above have—in the classical case—the following
finitary consequences:

ifap pand aAp vy, thena b~ y; (Cut)
ifap fanda b~ y, thenaAp |~ y. ( Cautious Monotony )

The next Lemma is due to Makinson (1994).

Lemma 4.11. (Makinson) Suppose that C is an inference operation based on a classi-
cal logic L. If C satisfies Distribution, then the following conditions are also satisfied:

(1) T, apyandT, By, thenT, aVp |y, (Disjunction in the Antecedent)
() T, apyandl, ma oy, thenT vy, (Proof by Cases)
(i) T, ap p thenT b a—p. (Conditionalisation)

(iv) T aandT, p I~ —a, thenT |~ —p.

Since Chernoff implies Distribution, the assumption of Chernoff yields, in the context of
classical logic, Conditions (i)—(iv).
Condition (iv) would license inferences of the kind:

(1) If Squeaky is a mammal, then it is expected that Squeaky cannot fly.
(2) If Squeaky is a mammal and a bat, then it is expected that Squeaky can fly.
(3) Hence: if Squeaky is a mammal, then it is expected that Squeaky is not a bat.

If L is classical and C satisfies Arrow, then we also have:
IfT' )~ yandT p =, thenT, g |~ 7. ( Rational Monotony )
This principle yields inferences of the kind:
(1) If Squeaky is a mammal, then it is expected that Squeaky cannot fly.

(2) If Squeaky is a mammal, then it is not expected that Squeaky is not a dog.
(3) Hence: if Squeaky is a mammal and a dog, then it is expected that Squeaky cannot fly.

5 | REPRESENTATION THEOREMS

In the last section, we proved a series of results connecting properties of the inference operation
C with properties of the selection function S in the canonical model corresponding to C. In this
section we wish to explore under what conditions a given selection function can be defined in
terms of an underlying preference relation P on the set U of all states. In order to make this
question precise, we introduce the notion of a choice structure:'®

!The term “choice structure” is borrowed from Hansson (1968), although his notion of a choice structure is not exactly the one defined
here: Hansson’s choice structures satisfy weaker structural conditions on the set ¥, but stronger conditions on the selection function S.
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Definition 5.1. A choice structure is an ordered triple S=(U,V,S), where U is a
non-empty set, V' is a non-empty family of subsets of U, S is a function from V' to V,
such that:

(i) foreach xe U, {x} e V;
(i) DeV;
(i) ifX,YeV,then XUY e V;
(iv) for any non-empty family F of members of V, [y X € V;
(v) foreach X eV, S(X)CX.

U is the domain of S and the elements of U are here called states (or points). Axioms (ii)—
(iv) say that the elements of V' form the closed sets of a topological space over U. Hence, it is
appropriate to refer to the elements of V" as the closed sets of S. For any X C U, we write C/(X)
for the closure of X, that is, the intersection of all closed sets that include X. C/, of course, sat-
isfies the axioms (Cl 1)—(Cl 4) of a topological closure operation. A topological space satisfying
condition (i), that all singleton sets are closed, is called a T;-space. It follows from (i) and
(ii1) that all finite sets are members of V. S is the selection function (or the choice function) of
the structure S. According to (v), S selects a subset of elements from any closed subset X of U.
Since S is an operation on V', S(X) is always a closed set.

The principal case we are interested in is the following: A { A, V }-normal deductive logic L
and an inference operation C based on L are given. S ={U, V, S) is defined in terms of L and C
as follows: (i) U is the set of all L-maximal theories; (ii) V={X C U: X = [[¢(X)] }; (iii) for each
XcV, S(X)=[C(¢(X))]. In this case, S=(U,V,S) is essentially identical to the canonical
model for L and C.

In this section, we shall think of the set U of states as being provided with a preference rela-
tion PC U x U (we read xPy as: x is better than y). In terms of such a relation, we can define
the selection function S: V' — V as follows: for all X € V:

(x) SX)={x:xeX & (Vy)(yeX —~(yPx))}.

That is, S(X) is the set of all P-maximal elements of X. We say that S is based on the rela-
tion P—and that P rationalises S—if S is defined from P by means of the equation (). .S is said
to be rationalisable if there is a relation that rationalises it.

We use the following terminology for preference relations: We use xRy as an abbreviation
for = (yPx). P is said to be:

(1) a strict partial ordering iff P is asymmetric and transitive;
(i) a strict weak ordering iff P is asymmetric and Vxyz(xRy A yPz — xPz);
(iil) a strict linear order iff P is a strict partial ordering and Vxy(xRy Ax # y — xPy);
(iv) neat iff every non-empty element X of V contains a P-maximal element, that is, an x
such that Vy(y € X — = (yPx))."”

Lemma 5.2. Let S: V — V be a selection function and P a relation that rationalises
S. Then,

(a) P isirreflexive iff S satisfies the condition:
(ir) S({x}) # 0, for each x € U. (Trreflexivity)

7Our terminology here, differs from Kanger (2001) who uses “neat” to refer to the stronger property of P~ (the converse of P) being
well-founded. Thus, P is neat in Kanger’s sense, just in case every non-empty subset of U has a P-maximal element, that is, iff there are
no infinitely ascending P-chains in U. Neatness in our sense only requires every non-empty closed subset of U to contain a P-maximal
element. Neatness is analogous to the /imit assumption of Lewis (1973).
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(b) P is neat iff S satisfies Consistency Preservation.
(c) If P is irreflexive, then P is unique and for all x,y € U,
xPy iff y € S({x,y}).

Proof. (a) and (b) are trivial. We prove (c). By (), we have:
ye€S{x,y}) iff =yPy and —xPy.
The irreflexivity of P then yields:
xPy iff y¢ S({x,y}). O
Lemma 5.3. A selection function S is rationalisable iff it satisfies the condition:
Jorall X eV, S(X)={xeX:(Vy)yeX—-xeS{x,y})}.
Proof. Suppose that P rationalises S. Then, we have forall Z€ Vand allz€ Z,
(1) € S(Z) e (W) (v € Z — ~(yP2)).
Let X € IV and x € X. We want to show that:
2) xeS(X) = (W) (yeX —-xeS{x,y}).

Suppose that x€ S(X) and that ye X. By (1), we then have: —=(yPx) and
=(xPx). Hence, by (1) again, we get: x € S({x,y}). To prove the other direction of
(2), assume that (Vy)(y € X — x e S({x,»}). Suppose also that x¢ S(X). Then, by
(1), there is a y € X such that yPx. Applying (1) again, we get x& S({x,y}), thatis, a
contradiction.

To prove the other direction of the lemma, suppose that for all X € V,

3) SX)={xeX: (V) yeX—-xeS{x,y})}.
Define PC U x U by the condition:

@) xPyiff y¢S({x,»}).
(3) and (4) then yield:

S(X) = {x € X : (W) (€ X — ~(yPx))}.
that is, P rationalises S. O

In the theory of preference and choice, there are many well-known theorems relating condi-
tions on the selection function S, like Chernoff, Aizerman, Gamma, etc., to the existence of an

underlying preference relation P.'"® The following theorem is a slight strengthening of a result
by Sen (1971)."°

18Cf. Hansson (1968), Sen (1971), Moulin (1985), Kanger (2001).
YSen proved that a selection function that satisfies Consistency Preservation is rationalisable iff it satisfies Chernoff and Gamma.
Theorem 2 of Moulin (1985) is Sen’s theorem for the case when U is finite.
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Theorem 5.4. A selection function S is rationalisable iff it satisfies Chernoff and
Gamma (i.e., Sen’s Properties a andy):

(ch)y SX)NYCS(XNY),
(g) Let O # FCV besuch that \Jy.p X € V. Then, (| yepS(X) C€S(U yepX)

Proof. We omit the straightforward verification that every rationalisable selection
function satisfies Chernoff and Gamma.

For the other direction, suppose that S satisfies Chernoff and Gamma. By
Lemma 5.3, it is sufficient to prove that for all X € V" and x € X,
xeS(X)iff (Vy)(ye X —xe S({x,»})).

Assume first that x € S(X). Consider any y€ X. Chernoff then yields that
S(X)N{x,y} € S({x,y}), which implies that x € S({x,»}).

Next, we assume that x is such that (Vy)(yeX —xeS({x,y})}. This
means that: xe(), . yS({x,»}). But X=U,y{x,y}. Gamma then yields

My e xSHExpH €S(U, e x{x.y}) = S(X). Hence, x € S(X). a
Lemma 5.5°° Suppose that S is based on P.

(a) If S is neat and satisfies Aizerman:
(aiz) if S(X)CYCX, then S(Y)CS(X),
then P is transitive.
(b) If P is transitive and P~ is well-founded (that is, there are no infinitely ascending
P-chains in U ), then S satisfies Aizerman.

Lemma 5.6. Suppose that S is based on a neat and transitive relation P. Then, S
satisfies Sen:

(s) if S(X)NS(Y) #0, then S(XNY)CS(X)NS(Y).

iff P satisfies the condition:
Vxyz(xRy A yPz — xPz),
(that is, iff P is a neat strict weak ordering ).

Proof. Cf. Kanger (2001), Theorem 8.1.

Theorem 5.7.

(a) S is based on a neat relation P iff S satisfies (cp), Chernoff and Gamma.

(b) If S satisfies (cp), Chernoff, Gamma and Aizerman, then S is based on a neat
and transitive relation (that is, a neat strict partial ordering).

(c) If any of the following equivalent conditions is satisfied.:

(1) S satisfies (cp), Chernoff, Gamma, Aizerman and Sen;
(1) S satisfies (cp), Chernoff and Sen;
(ii1) S satisfies (¢p) and (iia),

then S is based on a neat strict weak ordering.

2Moulin (1985) proves a finitary version of this lemma which may be formulated as follows: Suppose that S is based on P and that the
set U of all alternatives is finite. Then, S satisfies Aizerman iff P is transitive. This is, of course, a consequence of Lemma 5.5.
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Proof. By Lemma 4.8, Lemma 5.2 (b), Theorem 5.4, Lemma 5.5 and Lemma 5.6. []
Theorems 4.9, 5.4 and 5.7 together give us:

Theorem 5.8. (Representation Theorem I) Let C be an inference relation based on
the deductive logic L. Let M ={U,V,1,S) be the canonical model for L and C. Then,
L=_Ly and C=Cy and:

(1) C satisfies Chernoff and Gamma iff S is based on a relation PC U x U.
(i1) If C satisfies (CP), Chernoff, Gamma and Aizerman, then S is based on a neat strict
partial ordering PC U x U.
(i) If C satisfies (CP) and Arrow, then S is based on a neat strict weak order-
ing PCUxU.

6 | DYADIC INFERENCE OPERATIONS AND INFINITARY BELIEF
REVISION

In this section we shall explore the connection between nonmonotonic inference and belief
revision in the sense of Alchourrén et al.?! In doing so, we generalise the notion of belief
revision to allow for the revision of a set of beliefs with a, possibly infinite, set of proposi-
tions representing the new information.?”> A representation theorem is proved for the gener-
alised notion of belief revision in terms of systems of spheres of the kind introduced by
Grove (1988).

In Makinson and Gérdenfors (1991) a method is described for translating postulates for
belief revision into postulates for nonmonotonic inference, and vice versa.*® The basic idea here
is to interpret f€ K as a claim that § is a nonmonotonic consequence of a, relative to the
background (or default) theory K. That is, f€ K is translated as a |~ g f, where pp is a
nonmonotonic inference relation associated with the theory K. Expressing this equivalence, in
terms of an inference operation Ck instead, we get, for a fixed K, the identity:

K} = Cx({a)).

This idea can be generalised: thinking of C as a binary operation and allowing K to be replaced
by an arbitrary set of sentences A, we get:

A, =C(A {a}).

In other words, for any A and a, the revision of A with « is identified with the set of
nonmonotonic consequences of a, relative to the default assumptions A. Now, in order to get
complete interdefinability between the notions of belief revision and nonmonotonic inference,
we need just another step: we must allow for the possibility of a set A being revised with a possi-
bly infinite set of propositions I'. Then, for all T" and A, we obtain:

Al =C(AT).

21Cf. Alchourrén et al. (1985) and Girdenfors (1988).

nfinitary belief revision has been studied before in the literature. Fuhrmann (1988) considers both infinitary belief contraction
operations and infinitary belief revision operations. He refers to these kinds of operations as multiple contraction and multiple revision,
respectively. Via a generalisation of the so-called Levi identity, Fuhrmann defines infinitary belief revision in terms of infinitary belief
contraction. He also formulates a set of postulates for infinitary belief revision which is equivalent to (BC1)-(BC4) together with (BC9).
(Fuhrmann, 1988, p. 159). S. O. Hansson (1989) contains a theory of infinitary belief contraction.

ZSee also the discussion in Gérdenfors (1990).
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Conversely, given a notion of belief revision Af, we may, of course, define the corresponding
notion of nonmonotonic inference via the same equality.

In our formal treatment, however, we shall not make a complete identification between the
notions of belief revision and nonmonotonic inference. Instead, we take the former as a special
case of the latter—in the sense of being characterised by stronger axioms. The axioms for belief
revision presented here are straightforward generalisations to the infinitary case of
Girdenfors’ (1988) basic axioms (K*1) — (K*6) for finitary belief revision.”*

Definition 6.1. Let L be a consistent deductive logic.

(a) A dyadic inference operation based on L is an operation C: g(®) X g(®) —
%(®) satisfying the following conditions. For easy readability, we shall write Cx(T")
instead of C(A,I"). We also write I'+ A as an abbreviation of Cnz(I'UA). We speak
of '+ A as the expansion of T with A.

(BC1) Ca(I) is an L-theory; ( Closure)
(BC2) TCCx(T); (Success)
(BC3) if Cny ()= Cnr(A) and Cnp(X) = Cnr(I0), then Cx(I') = C(A).  (Congruence)

(b) An (infinitary) belief revision operation based on L is a dyadic
inference operation C satisfying—in addition to (BC1)-(BC3)—the following

conditions:
(BC4) if L ¢ A+T,then CA(I')=A+T; ( Expansion)
(BC5) if L ¢ Cnp (), then L ¢ Ca(T). ( Consistency Preservation)

Here, the preferred reading of Ca(T) is: ‘the result of revising the set A with the new informa-
tion 1.

Notice that (BC1)-(BC3) say no more than that, for any fixed A, Cx(...) is an inference
operation in the sense of Definition 3.1 (b). The axioms (BC1)-(BC5) should be compared with
the corresponding axioms in Gardenfors (1988), namely:

(K*1) K is an L-theory; ( Closure)
(K*2) acK;; (Success)
(K*6) if Cny({a}) = Cn({p}), then Ky =K. ( Congruence)

The following two axioms correspond to Expansion:

(K*3) Ky CK+{a};
(K*4) if na¢ K, then K+{a} CK.

Finally, there is:
(K*5) if a is L-consistent, then K7 is L-consistent. ( Consistency Preservation)

To the basic axioms (BC1)—~(BC5) for belief revision, we might want to add some of the
following supplementary axioms:

**The reader should perhaps also be reminded that we make weaker assumptions concerning the underlying logic than Gardenfors does.
We assume only that it is a deductive logic, that is, a finitary Tarski-style consequence relation. He assumes, in addition, that it is
classical, that is, is closed under the axioms and rules (including the deduction theorem) of classical propositional logic.
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(BC6) Cr(TuA)C Cn(T)+A; ( Chernoff’)
(BCT) (e Cn(T) € Cn(Uy ¢ p Cr(D)), where F is any

non-empty family of sets of sentences; (Gamma)
(BC8) if 'CAC Cp(I), then Cpy(T') C Cy(A); (Aizerman)
(BCY) if L ¢ Cp(I')+A, then Cp(T'UA) = Cp(T) + A. (Arrow)

Provided that Cny({aAp}) = Cnr({a,p}), (BC6) yields the following supplementary axiom of
Gardenfors:

(K*7) K, \sSK; +P.
Under the same provision, (BC9) yields Revision by Conjunction:
if K, +pis L-consistent, then K/, ;=K +5,
which is equivalent to (K*7) together with the other of Girdenfors’ supplementary axiom:
(K*8) if "¢ K, then Ky +BCK;, ;.

It is straightforward to modify the notion of a model M ={(U,V,[,S) based on L, that
was introduced in Section 4, in such a way as to get a semantics for dyadic inference
operations. The only difference occurs in clause (iii) of Definition 4.1, which has to be changed to:

(iii") Sis a function from V' x ¥V to ¥ such that for all X, Y € V, S(X,Y) C Y. Such a function
we call a dyadic selection function on V.

Each model M =(U,V,1,S), of the new kind, determines two operations:
CnM(T) = () and CYY(T) = «(S([A], [T])),

where the first operation is a consequence operation that extends L and the second is a dyadic
inference operation based on L (cf. Lemma 4.4). Now, for any { A, V }-normal deductive logic
L and any dyadic inference operation C, we may define the corresponding canonical model
M={U,V,I,S), where:

(1) U=M,y, thatis, U is the set of all L-maximal theories;
(i1) V is the set of all closed subsets of U;
(iii) foreachue U, l(u) ={u};
(iv) foranysets X,Y eV,
SX,Y)=[C(t(X)),1(Y))|, = {me U: C(«(X),((Y)) Cm}.

The proof of Theorem 4.5 carries over unchanged, so we have that Cn; = Cn™ and for all T, A,
Ca(l) = CQ/I(F). That is, Cn; and C are, respectively, the consequence operation and the
dyadic inference operation that are determined by the canonical model M.

In addition to letting the selection functions take an extra argument, we apply the
same procedure to the preference relations. That is, we write xPyy and read it as: x is preferred
over (or better than) y, relative to X . Intuitively, xPyy means that x is closer to the optimal
alternatives in X than y. We shall refer to ternary relations PC U x @(U) x U as (relativised)
preference relations. Properties of relations like reflexivity, transitivity, being a weak ordering,
etc., carry over to relativised preference relations as follows: a given property is said to
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apply to P iff for each X, Py has the property in question. A dyadic selection function S:
V x V — V is said to be based on a given preference relation if forall X, Y € V,

S(X,Y)={x:xe Y& (Vy)(y€ Y — ~(yPxx)}.

We have now introduced the concepts that are required in order to state the following repre-
sentation theorem.

Theorem 6.2. (Representation Theorem II) Let C be a belief revision operation based
on the deductive logic L. Let M ={U,V,[,S) be the canonical model for L and C.
Then, Cny = Cn™, for all T, A, CA(T') = CX'(T) and for all X, Y € V:

@) if Y #0, then S(X,Y) %0, ( Consistency Preservation)
() FXNY #0D then S(X,Y)=XNY. ( Expansion)
Moreover,

(a) If C, in addition to the basic axioms (BCIl)—(BCS5), also satisfies axioms (BC6)
( Chernoff) and (BC7) (Gamma), then there exists a (relativised) preference
relation PC U x g(U) x U such that P is neat and S is based on P.

(b) If C satisfies the conditions (BCIl)—(BCS8), then there exists a relation PC U x
(U) x U such that P is neat and transitive and S is based on P.

(¢) If C satisfies (BCI)—(BC5) together with (BC9) (Arrow), then there exists a rela-
tion PC U x @(U) x U such that P is neat strict weak ordering and S is based
on P.

Proof. (to be written)

We are next going to prove that any (infinitary) belief revision operation C that satisfies
(BC1)—(BC5) together with (BC9) can be defined in terms of “systems of spheres” of the kind
defined in Grove (1988). Theorems 6.4 and 6.5 below for infinitary belief revision operations
should be compared with Grove’s (1988) Theorems 1 and 2 for finitary belief revision opera-
tions. In the following, we let L be a fixed deductive logic and U the set M/ of all L-maximal
theories. V is the set of all closed subsets of U.

Definition 6.3.
(a) A family of spheres centred on X € V' is a collection $y of elements in V' satisfy-
ing the conditions:*’

($1) $y is totally ordered by C, thatis,if Y,Ze€$y,then YCZor ZCY;

($2) X is the C-minimum of $y, thatis X € $y and forall Y €$y, X C Y;

($3) UeSy;

(34) if Y € V, then there exists an element Z of $, such that Y NZ # @ and for all
Z' eS8y, if YNZ' #0, then ZCZ'. In other words, for every closed set
Y € V, there exists a smallest sphere in $y intersecting Y.

(b) A system of spheres is a function $ that associates a family of spheres with any
set X eV

25($4) is a strengthening of Grove’s (1988) limit assumption. For a discussion of the limit assumption in the context of possible worlds
semantics for counterfactuals, see Lewis (1973).
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Let PC U x U be a neat strict weak ordering of U. As usual xRy is defined as —=yPx. We
say that X is a P-sphere iff X €V and (Vx,y)(x€X and xRy—y€ X). The set $ of all
P-spheres is then a family of spheres centred around (8.

With any system of spheres $y, we may associate a dyadic selection function S: V x V — V
in the following way: for all X, Y eV, (i) if Y #0, we let S(X,Y)=ZyNY, where Z; is the
smallest sphere in $ that intersects Y; and (ii) S(X,0) =0.

Theorem 6.4. Let $ be any system of spheres and let S be the associated dyadic selec-
tion function. For all T and A, let Ca(T) =t(S([All, [T)). Then C is a belief revision
operation, satisfying axioms (BCI)—(BC5), (BC9).

Theorem 6.5. (Representation Theorem III) Let C be any belief revision operation
satisfying axioms (BC1)—(BCS5) and (BC9). Then, there exists a system of spheres $
such that for all T, A,

Ca(T)=2(S(IAL [TT)).
where S is the dyadic selection function associated with $.

(Proofs will be added)
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APPENDIX: PROOFS OF LEMMAS AND THEOREMS

Proof of Lemma 2.1. We omit the easy verification of (i) and proceed to prove (ii). By (Cnl),
TUACTUCn(A). (Cn2) then yields:
Cn(TUA) C Cn(TUCn(A)).
We also have, by (Cnl) and (Cn2), that:
Cn('UCn(A)) C Cn(Cn(T)U Cn(A)).
It remains to prove that Cn(Cn(I')U Cn(A)) C Cn('UA). By Monotonicity we get:
I'cCn(T'UA) and AC Cr(TUA).
(1) then yields:
Cn(I')C Cn('UA) and Cn(A) C Cn(TUA).
Hence,
Cn(I')UCn(A)C Cn(T'UA).
Monotonicity then yields:
Cn(Cn(T')UCn(A)) CCn(Cn(T'UA)).
Finally, using (Cn3), we get:
Cn(Cn(T)UCn(A)) CCn(TUA). O

Proof of Lemma 2.3. Suppose I' is L-maximal. We prove that Cn, (') CT. By (Cnl),
['CCnr(T). Suppose that Cnp(') is not L-consistent. Then, Cny(T')Fp L, that is,
1 eCnr(Cnp (). By (Cn3), L eCn,(T'), which is impossible. Hence, Cnp(I') is an
L-consistent superset of I'. It follows by the L-maximality of I' that I'= Cn (T'). O
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Proof of Lemma 2.4. First we notice that (a) follows from (b). Substituting L for « in
(a) we get: If I is L-consistent, then Cny(T") is included in an L-maximal theory. (a) then fol-
lows, by Inclusion.

Next, we prove (b). Suppose a¢ Cnp(T). Let
X ={A:Ais L-consistent, Cn;(I') CA and a ¢ A}.

X is non-empty, since Cnr(T") € X (the claim that Cn.(T") is L-consistent presupposes Iteration
(i.e., Cut)). Let Y be any non-empty chain in X. Consider X=J Y. Clearly Cn.(I') CZ. We
claim that X is L-consistent. Indirect proof: Suppose not. Then X ; L. By Finiteness, there is a
finite ¥’ C X such that £+, 1. But then, since ¥ is simply ordered by inclusion and ¥’ is finite,
there must exist some A € Y such that &' C A. It follows, by Monotonicity, that A is L-inconsis-
tent. Contradiction. It remains to prove that a¢ X. But this is clear, since otherwise a € A, for
some A € Y, which is impossible. Thus, X satisfies the necessary conditions for being a member
of X. It follows by Zorn’s Lemma that X has a maximal element. O

Proof of Lemma 3.4. (=) Suppose that L is a classical logic and that |~ is an inference rela-
tion based on L. We verify that v satisfies conditions () 4)—(p 7).

(b~ 4) Suppose that Cny({a})=Cnr({f}). Then, at.p and fFra. T | a and aFf yield
via (v 2) that '~ B. Similarly, from I' ~ g and prra, one obtains T’  a. Thus,
Ik aiffT .

(b 5) Suppose that T » aAB. Since L is classical, a A ft-ra and a Ap-p 5. Hence, by (v 2),
' aandD B

(b 6) Suppose that T' v a and " v . L being classical yields a,fF.a A . Hence, by (p 2),
L' ang.

(;7) Letting A=0 and = T in (|~ 2), we get:

if T v a, forallae(,and O, T, thenT |~ T.
[ |~ a, for all a € ) holds vacuously and 0, T holds because L is classical. Hence, ' | T .

(<) Suppose that L is a classical logic and that |~ satisfies (v 1), (; 3)—( | 7). We must
prove that v then also satisfies (v 2).

Suppose that I |~ a, for all a € A, and AF; 5. We wish to prove that T+, f5.

We first consider the case when A # (). Then there are f,...,5, € A (n=0) such that " |~
Bi,...,U b p,and {B,,....p,}rp. Using () 4) and (|~ 6), we get that " |~ B, A--- AS,. Further-
more, f; A---AB, . This implies that O, ((8; A---AB,) AB) < B A---AB,. Using (I~ 4), we
get THp (B A---AB,) AP. This yields by (v 5) that T |~ S.

We now consider the case when A =({. We need to prove that if 0.4, then " ) 8. But if
OB, then O, (B T ). Wehave ' T, by (v 7). Hence, I' |~ S, by (|~ 4). O

Proof of Lemma 4.8.
(i) Suppose that S satisfies condition (c). By the definition of a model S(S(X)) CS(X)C X.
Hence, by condition (c), S(X) C S(S(X)). Thus, S(S(X)) = S(X).
(i) Assume that S(X) C Y C X. By Chernoff:
S(X)NYcCS(XnY).
By the assumption: S(X)NY =S(X) and XNY =Y. Hence, S(X)CS(Y).
(iii)) We assume that Chernoff holds. It follows that:
S(XUY)NXCS(XUY)NX);and
S(Xuy)nYcS(xXuy)ny).
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However, (XUY)NX=Xand (XUY)NY =Y. So,
S(XUY)NXCS(X); and
S(XuY)NnYCS(Y).

Since S(XUY)CXUY, we get:
S(XUY)CS(X)uS(Y).

(iv) Suppose that S satisfies Cut, Aizerman and Distributivity. By Distribution and the defi-
nition of a selection function:

S(XUY)CS(X)uS(Y)cXuUY.

From this we get, using Cut and Aizerman:
S(S(X)uUS(Y))=S(XUY)

which is Path Independence.

We next prove that for full models, Path Independence is equivalent to Chernoff and
Aizerman. Since Chernoff implies Cut and Distribution, we have in general that Chernoff and
Aizerman imply Path Independence.

In order to prove the other direction, suppose that S is the selection function of a full model
which satisfies Path Independence. First, we prove Chernoff in the formulation:

(@) if YCX,then S(X)NY CS(Y).

Suppose Y C X. Applying Path Independence to the sets ¥ and X — Y, we get:

() SX)=S(YUX-Y))=S(S()US(X-Y)).
Here, we need the assumption of fullness in order to be sure that X — Y € V. But,
2) SS(VHUSX-Y)cS(MUS(X-Y)CcS(hU(X-7Y).

(1) and (2) yield:

S(X)CS(Y)U(X-7Y).
Hence,

S(X)NYC(S(Y)u(X-Y))nY.
That is,

S(X)NYCS(Y).
To prove that Path Independence, in the presence of fullness, implies Aizerman, suppose that
S(X)C Y CX. Cut (which follows from Chernoff) then yields S(X) C S(Y). Path Independence
yields:

S(X)=SXUY)=S(S(X)US(Y))=S(S(Y)).
Since Chernoff yields Iteration, we also have S(S(Y))=S(Y). Thus, S(X)=S(Y). We have
shown:

(aiz) if S(X)C Y CX,then S(Y)CS(X).

(v) Suppose that S satisfies Consistency Preservation and Arrow. Suppose Y CX. If
S(X)NY =0, then clearly S(X)NYCS(Y). However, if S(X)NY#0, we have
S(X)NYCS(Y), by Arrow. Hence, we have derived (a) which is equivalent to Chernoff.
(Notice, that we did not use (cp) in this derivation.)

In order to prove Aizerman, assume that S(X)C Y CX. If S(X)NY =0, then S(X)=0.
Consistency Preservation then yields X =0 and Y ={. Hence, # =S(Y)C S(X), in this case.
Hence, we may assume that S(X)N Y # 0. Arrow then yields:

S(X)NY =S(Y).
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But since S(X) C Y, we get S(X)=S(Y).
Finally, we prove Gamma. Let () 2 F C V such that |, . X € V. If X =0, for all X € F,
then Gamma holds trivially. We therefore suppose that for some X € F, X # (). Then,
UycrX #0. By Consistency Preservation S({Jy.pX)#0. Hence, for some YE€EF,
S(UyxcpX)NY # 0. Arrow then yields:
HYCUycpXand S(Uyc pfX)NY #0, then S(Uy -, X)NY =S(Y).
Thus, S(Uyc pX)NY =S(Y). It follows that S(Y)CS(Uy ¢ pX). Since (. S(X)CS(Y),
we obtain:
Ny e pSX) ES(Uy e pX).
(vi) We first assume that S satisfies Arrow. As we have already shown in (v) above, S then
satisfies Chernoff. To prove Sen, assume that X CY and S(X)NS(Y)# 0. By Arrow, we
than get:
S(YNS(X))=S(Y)nS(X).

But, S(X)C X C Y. Hence, YNS(X)=S(X). We get:
S(S(X))=S(Y)NS(X).

But Arrow implies Chernoff which in turn implies iteration: S(S(X)) = S(X). Hence,
S(X)=S(Y)nS(X),

that is, S(X) C S(Y).

For the other direction, assume that S satisfies Chernoff and Sen. We prove Arrow in the
form: If YCX and S(X)NY #0, then S(X)NY=S(Y). Thus, assume that Y CX and
S(X)NY #0. By Chernoff, we have: S(X)NYCS(XNY)=S(Y). It follows that
SX)NYCS(X)NS(Y) and that S(X)NS(Y)# 0. Sen then yields S(Y)CS(X). Hence,
S(Y)CS(X)NY.But we already have S(X)NY CS(Y). Thus, S(X)NY=S(Y). O

Proof of Theorem 4.9. Let M =(U, V,1,S) be a canonical model based on the { A, V } nor-
mal deductive logic L and let C=Cpuy. Then, we have: C(I')=t(S([[])) and
S(X) = [C(«(X))I.

Consistency Preservation: We assume (cp) and prove (CP). Suppose that L ¢ Cn(I'). Then
[ # 0, so by (cp), S([TT) # 0. But S([T]) = [¢(S[TT))] = [C(T)]. Thus, [C(T)] # 0. It fol-
lows that C(T") is L-consistent.

For the other direction, assume that C satisfies (CP). Also assume that X # ). Then, #(X) is
L-consistent, so it follows by (CP) that C(z(X)) is L-consistent. Hence, [C(¢(X))]] # 0, that is,
S(X) #=0.

Iteration.  We  assume  (it) and  prove  (It). CI)=«S([rD))= by
(it) 2(S(S(ITN))) = e(S(Q(SCIT)IN)) = C(«(S(IrN))) = C(C(I)).

Next, we assume (It). Then, S(X)= [C(z«(X))] = [C(CHX))] = [C(Cn(C(t(X)))] =
[CEIC(( XN = SIC((X))) = S(S(X)).

Cut: First, we assume (c) and prove (C). Suppose 'CACC(I). It follows that:
[CO)I S IAlSr].  Hence, [(S(ITIDICIAICIN]. But S(I]) = [(SITINI.  so
S(r7) € [A] € [ . Condition (c) now yields: S([[]) € S([A]]). Hence, ¢(S([A])) C¢(S([TT)).
Finally, we get C(A) C C(T').

In order to prove the converse, assume (C) and that S(X)C Y CX. Then we get:
H(X)CHY)Ct(S(X)). But, S(X)=S([2(X)]), so it follows that #(X)C#«Y)C«(S([«(X)]))-
(S(X)))=C(¢(X)). Hence, X)Ct(Y)CC(#(X)). Condition (C) now yields,
C(1(Y)) C C(¢(X)). Thus, [C(¢(X))] € [C(z(Y))]. Finally, we obtain S(X) C S(Y).

Distributivity: First, we prove (D) from (d). By (d), we get:

S(IrTU AT € S(IT) US([AD).
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However, ¢([T] U [A]]) = Cn(I') N Cn(A). Hence,

[(IC] U [AD] = [Cr(T) N Cr(A)].
It follows that:

S(riv an) =s(rpu ah) = S(ICn(T) N Cn(A)]).
Hence, we have:

S([Cn@)NCr(A)]) €SI USIAD.

However, this in turn implies:

[C(ICnT) N Cr(A)))T € TCETT)T U IC(TAD)I-

That is,
[C(Cn(T)NCn(A))] € [CI)IUIC(A].
But, [C(D)JU[C(A)] € [CT)NC(A)], so
[C(Cn(T)NCr(A))] C[CT)NC(A)].

It follows that:
([emync(a))) c«lic(Cn(T)n Cn(A))]).
That is:
C(NC(A)C C(Cn(T)NCn(A)).
In order to prove the converse, assume (D). Then, we have:

C(X)NC((Y)) € Ce(M(XND) N e([((Y))).-

That is,

Cr(X))NC((Y)) € Ct(X)Ni(Y)).
But, #{(X)Nt(Y) =X UY), so:

CH(X)) N C(H(Y)) S CHXUY)).
In other words,

1(S(X))Ne(S(Y)) C1(S(XUY)).
Since 1(S(X))N#(S(Y)) =1(S(X)US(Y)),

(S(X)US(Y)) Ce(S(XUY)).

This in turn yields:
CI(S(XUY))CCI(S(X)US(Y)).

But according to Lemma 4.2, CI(S(X)US(Y))=CI(S(X))UCI(S(Y))= S(X)U S(Y). Thus,

finally, we get:
S(XUY)CS(X)uS(Y).
Chernoff: First, we prove (Ch) from (ch). By (ch), we have:
S(ICD) N Al € SN N [A]).
That is:
[CCITN)I N AT € [T n 1Al
Hence,
(([CCr N [An)T) € «(ICE(rn))N N [A]).
But, [C(z([']))1 N IA] = [C(([I)) VA, so
((ICEIrnnfam)n) € «(IC(Irn)) v Al).
That is,
C(t([C] N [A])) CCn(C(T)UA).
([T N [A])=Cn(TUA), and C(Cn(TUA))=C(I'UA), so
C(TUA)CCn(C(I)UA).
For the other direction, assume (Ch). Then, we have for any X, Y € V:
CH(X)uY))CCn(C(X))Ut(Y)).
Hence,
CHXNY)CCn(1(S(X))Ut(Y)).
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That is,
(S(XNY))cuS(X)nY).

Hence,
[1(S(X)NY)] € [((S(X N Y))].

But, S(X)NY C [t(S(X)NY)[] and [#(S(XNY))] =S(XNY). Thus, it follows that:
S(X)NYcCS(XnY).

Aizerman: First, we assume (aiz) and prove (Aiz). Suppose that ' C A C C(I). It follows that
[C()] C [A]] €[] Hence, S([I']) € [A]] € [[]. Condition (aiz) then yields S([[A]]) € S([T]).
This in turn implies: #(S([[T])) S #(S([A])), thatis, C(I') € C(A).

In order to prove the converse, assume (Aiz) and S(X)CYCX. Then we get:
(X)Ct(Y)CHS(X)), that is, #(X)Ct(Y)C C(t(X)). (Aiz) then yields: C(¢(X))CC((Y)).
This, in turn, implies: #(S(X)) C#(S(Y)). Hence, [[2(S(Y))] C [#(S(X))], thatis, S(Y) C S(X).

Gamma: First, we assume (g) and prove (G). Condition (g) yields:

NrerSUTD) €S(Ure I,
where F is a non-empty family of sets of sentences. Now, for each I', S([I']) = [C(I')]]. We also
have: S(Ur ¢ ¢[T1) = S(CH(Ur ¢ #IT)). Thus,
(1 N ACON €Sy ¢ #IT1)).
However, (U c p[T]) =Nre pCr(T), so CI(Urc 1) = [Nr e pCr(I)]. (1) then yields:
Nre pICMIESUNEe pCn(DN).
This, in turn, yields:

NrerICM S IC(Nre pCr(D)]-
Hence,

(IC(Nre pCnM)D) €2t e p1CT)
But, /([C(Nre pCn(M))) = C(Nre pCn(T
we get:

C(NrerCn(I)) € Cn(Ur c pC(T)).

Next, we assume (G) and prove (g). By (G), we have:

C(NyerCn(1(X))) € Cn(Uy c pC(1(X))),
where F is any non-empty family of elements in V" such that |J . X € V. Simplifying and
using: C(7(X)) =1(S(X)), we get:

C(Nyert(X)) CECn(Uy ¢ pt(S(X))).
But, C((y ¢ p1(X)) =1(S([Ny ¢ p2(X)])), s0:

(S(INx ¢ pt(X)N)) € Cn(Uy ¢ p1(S(X))).
Hence,

[Cn(Uy e (SN S TSN x e pt (XD

It follows that:

D).
)) and (e p[CM)]) = Cn (Ure pC(I)). Hence,

[Ux e pt(SCXO)IESUINy e p2(X)N).

But, [Uy ¢ p2(S(X))I =Ny e p[2(S(X))], so we get:
Ny e plE (ST ESNy ¢ p2(XN).

However, (y ¢ p1(X) =#(Uy ¢ pX). Hence, [Ny c p2(X)] = Cl(Uy ¢ pX). We get:
Ny e rple(SX ))]]QS( l(Ux ¢ rX))-

But, [#(S(X))] =S(X) and S(C/(Uy ¢ p X)) =S(Uy < pX), so we finally get:

Nx e rS(X)ES(UyerX).
Sen: We first assume (s) and prove (S). Suppose that C(T')U C(A) =«(S([I)) Uz(S([A])) is
L-consistent. It follows that S([I])(S([A]) # 0. Hence, by (s),
S(Irlngan) € SArn nsaD).
It follows that,
(S(ICD) NSIan)) € «( ST N faf)).
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That is,
Cn(2(S([T])) v e(S(IAD))) S e(S(ITUA])).

In other words:

Cn(C(INHUC(A))CC(TUA).
But C(I'")UC(A) C Cn(C(I")UC(A)), so we get:
C(HuC(A)C C(TUA).
In order to prove the other direction, we assume that S(X)NS(Y) 0.
Hence (S(X)NS(Y)) is L-consistent. But, (S(X)NS(Y))= Cn

(t(S(X))Ut(S(Y)))=Cn(C(t(X))UC(¢(Y))). Thus, C(¢(X))UC(¢(Y)) is L-consistent. It fol-
lows, by (S), that:
Cr(X)UC((Y)) € Cu(X)Ur(Y)).
But, (X)Ut(Y)=1(XNY). Hence,
CX)UC(¥) € C(X N Y)).
This, however, means that
(S(X)) UI(S(Y)) CHS(X N Y)).
But, ((S(X))U1(S(Y)) = ((S(X) N S(Y)), so:
(S(X)NS(Y)) Ce(S(XNY)).
Hence,
CI(S(XNY))cCI(S(X)NS(Y)).
But, C/(S(XNY))=S(XNY) and the intersection of two closed sets is closed, so
CI(S(X)NS(Y))=S(X)NS(Y). Hence,
S(XNY)cS(X)NnS(Y).
Arrow: We first assume (IIA) and prove (iia). Suppose that S(X)NY 7. That is,
[C(¢(X))] NY # 0, which means that C(z(X))U#(Y) is L-consistent. It follows by (ITA) that:
CHX)UY))=Cn(C(t(X))Ut(Y)).

This implies:
(X)) V(X)) = [C(X)IN (Y]
t

[Ca(X)uY)] =[C
But C((X)u(Y)) = ( Cn(1(X)U1(Y))) = C(t(X NY)). Hence,
[CxX)I N [ (Y]

[C(xXnY))] =

This means that:
S(XNY)=S(X)NCI(Y).

But Y e V,so CI/(Y)=Y. Hence,
S(XNY)=S(X)nY.

(Add proof of the other direction)

Proof of Lemma 5.5.
(a) Suppose that S is based on P and that P is neat. Then, we have that:
xPy iff S({x,y}) ={x}.
Now, assume that S satisfies Aizerman and that xPy and yPz. We want to show that xPz.
Since, S is rationalisable, it satisfies Cut, so we have:
if S(X)C Y C X,then S(Y)=S(X).

Now, let X ={x,y,z} and Y ={x,z}. Since xPy and yPz, we have that y¢ S(X) and
z¢ S(X). Since P is neat, S satisfies (cp). Thus, S(X) # 0. It follows that S(X) = {x}. Thus, we
have S(X)C Y C X. So by Aizerman (and Cut), S(Y)=S(X), that is, S({x,z}) = {x}. We con-
clude that xPz.

(b) Assume that P! is well-founded and that P is transitive. In order to prove Aizerman,
assume that S(X)C Y CX. Let xo € S(Y). In order to derive a contradiction, we assume that
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xo ¢ S(X). It follows that there exists some x; € X such that x; Pxo. If x| ¢ S(X), then there
exists some x; € X such that x, Px;, and so on. For any n, if x, ¢ S(X), we choose x,.; in such
a way that x,,1 Px, and x,.| € X; and if x, € S(X), we terminate the process. Since P! is well-
founded, this process must terminate after a finite number of steps. Thus, we get a finite
sequence (with at least two terms) xo,xi,...,X, of elements in X such that xy¢ S(X) and
Xy € S(X) and x,Px,_1 P...x; Pxy. By the transitivity of P, x,Px,. Since S(X)C Y, we get that
X, € Y. Thus, we have: xo € S(Y) (by assumption), x,Px, and x, € Y, that is, a contradiction.
Hence, we have proved that S(Y) C S(X). O



	A semantic approach to nonmonotonic reasoning: Inference operations and choice
	1  INTRODUCTION
	2  DEDUCTIVE LOGICS
	3  NONMONOTONIC INFERENCE
	4  SEMANTICS: MODELS USING SET-VALUED SELECTION FUNCTIONS
	5  REPRESENTATION THEOREMS
	6  DYADIC INFERENCE OPERATIONS AND INFINITARY BELIEF REVISION
	REFERENCES


